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Table 1 Imaging parameters of structural images

Echo time(TE) 48[ms]
Reptition time(TR) 3000[ms]
Field of view(FOV) 192 x192[mm]
Filip angle 90[° ]
Matrix size 20><20><30[ m]
Slice thickness .0[mm]
Sllice gap 0. 75[mm]
Slice 36[slices]
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Fig. 2 fMRI experiment design
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Table 2 CNN learning conditions

Setvalue
Mumber of CNM layers 4
Convolution |stride 1
Pooling filter size 2
Condition stride 2
Learning rate 0.0001
Drop out 0.7
Error tate 0.1
Termination condition erro tate
Hyper Convolution Filter size 2~64{exponent of 1)
parameter Channels 2~bd{exponent of 2]
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Table3  Maximum identification result

Hype Results
Subject 10| o | s o s
Filter size C7(/12) | C#7 (/12) |Total ( /24)|  Total
IstLayer | 2 yer | 4th Layer
A 16 32 32 32 32 10 17 70.83%
B 8 4 4 4 6 7 13 54.17%
C 8 4 4 4 8 6 14 58.33%
D 2 4 4 4 4 5 10 15 62.50%
E 8 2 2 2 2 5 10 15 62.50%
F 8 8 8 8 8 7 7 14 58.83%
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Table4  Minimum identification result

Hyp eter Results

Subject 1D
Filter size

C7(/12) | C#7 (/12)|Total (/24)|  Total
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