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Object recognition method for Meal support with life support robot
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Fig. 1 Personal Care Robot.
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Fig. 2 Constitution of Mask R-CNN
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Fig. 3 Recognition target
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Table 1 Change in recognition rate

recognition rate . "
- — - — change in recognition rate
300 images for training | 410 images for training

Tea(A) 0.702 0.702 0.000
Tea(l) 0.766 0.894 0.128
Coffee 0.523 0.682 0.159
Energy drink 0.841 0.795 -0.045
Smoothie 0.600 0.800 0.200
Bento 0.872 0.915 0.043
Rice ball 0.596 0.723 0.128
Sandwich 0.932 0.955 0.023
Pudding 0.667 0.933 0.267
Yogurt 0.800 0.889 0.089
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300 images for training 400 images for training
Fig.4 Recognition result (Pudding)

Table 2 Number of test images (Pudding)

Images of pudding | Corrent recognition | Misrecognition | No recognition

300images for training 30 0 15
45

410 images for training 42 1 2
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Table 3 Number of test images (Tea (A))

Images of tea(A) | Corrent recognition | Misrecognition | No recognition

300 images for training 33 8 6
47

410 images for training 33 14 0

Fig.4 Recognition result (Tea (A))
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(2) Mask R-CNN for object detection and instance segmentation
on Keras and TensorFlow
https://github.com/matterport/Mask_RCNN.

(3) BT Ok T Mask R-CNN @ Rol Align & Fast(er)
R-CNN @ Rol Pooling DWW\ & 1E L < BfiEd 5
https: llqiita com/yu4ul/items/5chbe9db166a5d72f9eb8
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https://udemy.benesse.co.jp/ai/transfer-learning.html

(5) Keer, L.M., Knapp, W., and Hocken, R., “Resonance Effects
for a Crack Near a Free Surface”, Transactions of the ASME,
Journal of Applied Mechanics, Vol. 51, No. 1 (1986), pp.
65-6
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