AT B2 SRR

R TR AR JE0 T 8 MR T — X

MEICEIT2EHD=1—FI)Lxy T =7 DHETH V) 2B & WHEIC L 51

1225127

EH wE [ mETRS I I VIR E )

Supervised Learning of Multiple Neural Networks for Mahjong and
Their Evaluation by Competition.
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