T 3 AR B A AR

RHILARER ARG Sl LTI g a— 2

3D-CNN Z BWILET >V IILEIGHD S OEABHEHEICEA T D3

1245133

#T M kE — BB

[ ARERHEIEE ]

A Study on Personal Attribute Prediction
from Diffusion Tensor Image Data Using 3D-CNN
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