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WIT, F2BR 2 TIEEBR 1 CIRE LA IBR L 8 7 i &
T COVID-19 »F — & Z VT RNN, LSTM, Seq2Seq. Stacke
d LSTM ZHE45 L ARIMA & TR SARIMA & Hels 21T o 7=, H&i%
2, BB 3 TIEERR 2 TIRE LI AHIIBR E VRO T —
A Z FAVNT RNN, LSTM, Seq2Seq. Stacked LSTM Z#%%% L AR
IMA 2 O SARIMA & Heife 24T - 72, F 72K FEBRICBV T, ART
MA & SARIMA DEIFRIZIEB W CTET AR EHIR D & & e & i
BT DIOKET NVOEACBITEHEHBEDa L E 7T A
% gt U7,

3. ERBERLER

FEER 1 OFRER 1177, R 1HOKIE to BUEIZAT
It to HHRITTOEKRTH D, FlozZW L, X1icL-T
Fahiz, £1Xk0, ER 1BV RLEEOEWEST
JE 3T ATI 3 IRITTH I TH -T2, ZOFEFIL, (Self)Ad
ditive-Attention[4JIZ X > TH7= b &N #E 2 D, Atten
tion X, Wu HOFEBR TR L EWIEE CTH - 7= Transformer
WHHWOLNTWAEETH D, ZO/BREIY., BEOER
THWA AHIBE%R % 3 It AT 3 ot T RE LTz,

#1: COVID-19 OF — & %58 L7 VO FHM (525 1)

ARIMA | SARIMA Itol 3tol 3to3
RMSE 464 67 110 59 47
72(%) 0.0 -85.6 -76.3 -87.3 -89.9
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Transformer SARIMA LSTM SARIMA RNN

By Wul3]) | (COVID) | (COVID) | (#98) | (¥iE)
RMSE 0.588 6707 10827 276 360
75(%) 424 -76.2 -61.6 -83.1 -77.9
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