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A Study on Spiking Neural Network on Edge-AI Platforms with
Dynamic Vision Sensor Integration

Kensho Okamura
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# 1 %8/t FC-SNN O iR

#neuron Acc. Mem (Acc.-Base)
_Ypruning (%) [K Byte] /Mem
n512_p0% | 80.29 1,056 0.85E-5
n256_p50% | 81.25 264 3.76E-5
n128_ p75% | 78.46 67 10.60E-5

# 2 @R CSNN Dafififis

#neuron Acc. Mem (Acc.-Base)

_Y%pruning (%] [K Byte] /Mem
ShallowCSNN | 87.5 28 26.32E-5
MiddleCSNN | 93.82 1,034 1.34E-5
& CSNN1 | 90.88 39 28.11E-5
R CSNN2 | 91.25 126 8.95E-5




